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I aRtEs I Aa (1)

¢ AIEZ (Artificial Intelligence) & A&{#E (Big Data)
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¢ REFRNENF  2EZREFOEREZEIMIALRDIEE

DR BIREX -
o RA= L EHREFAEE

o HERMBAE (SANET) - SA5~6A - HEHH -

° BHERANSTRRFELS
¢ BREZFEREEBRATEREME ; F7
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o EFHMTAR (fl#GenAl, SAS, Weka, Tableau, Eiftl E%5)

¢ HiFFSZERESRPARREEES
® http://homepage.ntu.edu.tw/~wyang
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¢ Stanford Al Labs, NLP Group

® (Class CS276

® (Class CS224N
® |ntroduction to Information Retrieval by C. Manning, MIT 2008

o hysEE
o IBGEIEFE — 5 _F : B8RRI X - *E 2023
o 2OV EHMRESERIE : Pre-Trained Model 5 A& EE, - 525 2022
o PyTorchixEEEBEBRES P EE - 1§18 2018
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Al

Supervised learning
(labeling things)
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Generative Al

Unsupervised

‘ learning

Reinforcement

. learning

Ref. Generative Al for Everyone, Andrew Ng, 2023
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Data
Scientist

Computer Science Machine Math & Statistics
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Traditional
Research

~ Domain Expertise
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Source: KE#E 1T Big Data Marketing
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Introduction
¢ HEE2AEIE Big Data

® Data that exist in very large volumes and many different
varieties (data types) and that need to be processed at a

very high velocity (speed).
¢ (TEE 5 Analytics

® Systematic analysis and interpretation of data—typically

using mathematical, statistical, and computational tools—

to improve our understanding of a real-world domain.

Ref. Ch. 11, Modern Database Management by Jeff Hoffer, et. al., Pearson, 2016



Types of Analytics 73 #TBYEREY

¢ Descriptive analytics fi 14 53 #r
® describes the past status of the domain of interest using a
variety of tools through techniques such as reporting, data
visualization, dashboards, and scorecards

¢ Predictive analytics F&RIH4 537
® applies statistical and computational methods and models

to data regarding past and current events to predict what
might happen in the future

¢ Prescriptive analytics {57R M2 7
® uses results of predictive analytics along with optimization

and simulation tools to recommend actions that will lead to
a desired outcome

Ref. Ch. 11, Modern Database Management by Jeff Hoffer, et. al., Pearson, 2016



Figure - Generations of Business Intelligence and Analytics

Bl&A 3.0

Adapted from Chen et al., 2012

BI&A 1.0 BI&A 2.0 BI&A 3.0

Focus on structured Include data from Include data from
guantitative data the Web (web mobile devices,
largely from relational Interaction logs, (location, sensors,
databases customer reviews, etc.) as well as

social media) Internet of Things



from Reporting to Analysis

L5 1455 APEIRERTEA A5 77 18 [RIRZL0: 01 A AT MIEB AR
CPU@ﬁH?iL%% SR - RN,
Reporting Analysis
Descriptive it Prescriptive &
What? &£ 1T Why? ST B2+
Backward-looking fZ¥E8 % Forward-looking F8RI A< 2
Raise questions &t & Answer questions X E| &2
Data — information Data + information — insights
EFE ETEE
Reports, dashboards, alerts Findings, recommendations,
IR, BN, B predictions 2538, 2%, YA H|
No context #1717 Context + storytelling 2k 4%

Ref. "What Do We Mean by Data-Driven?", William E. Deming, O'Reilly
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o BABERS5A
o BB RHEAK
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